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Opportunities and challenges of big data intelligence analysis

HUANG Heyan'*, CAO Zhao'*, FENG Chong'"’

(1. School of Computer Science, Beijing Institute of Technology, Beijing 100081, China; 2. Beijing Engineering Research Center of
High Volume Language Information Processing and Cloud Computing Applications , Beijing 100081, China)

Abstract;In the era of big data, information and intelligence analysis is facing unprecedented opportunities and
challenges. This paper describes the status of intelligence analysis from the perspective of the information science
development paradigm. With the guidance of information processing concepts, which is an integration of factual da-
ta, tools, methods and expert wisdom, the application requirements and challenges of big data intelligence analysis
were analyzed in terms of big data integration, big data processing technology, tools and deep information mining.
Finally, because the big data intelligence analysis process consists of data collection, pre-processing, analysis and
application as the main components, the application development opportunities and technical trends of big data in-
telligence analysis were forecasted.
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Fig.1 Big data intelligence analysis outlook diagram
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