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Rubbing oracle bone character recognition
based on improved ResNeSt network

MAO Yafeil, BI Xiaojun2

(1. College of Information and Communication Engineering, Harbin Engineering University, Harbin 150001, China; 2. Department of

Information Engineering, Minzu University of China, Beijing 100081, China)

Abstract: At present, the methods for recognition of rubbing oracle bone characters have some problems, such as weak
ability to extract local details and low recognition rate for some oracle characters with highly similarity. Therefore, an
oracle bone character recognition method based on the improved ResNeSt network is proposed in this paper. By design-
ing jump connection structure, the shallow network features are gradually transferred to the deep network and merged.
At the same time, combined with the Strip characteristics of the oracle bone characters, the coordinate attention mechan-
ism module is introduced to carry out the weighted fusion of the obtained features in both width and height directions.
Finally, the network classifier is optimized effectively by removing the activation function of the last layer and the full
connection layer, and resetting the number of output channels of the last convolution layer. The experimental results
show that the recognition accuracy of the improved rubbing oracle bone character recognition model proposed in this pa-
per reaches 93.53% on OBC306 data set, having achieved the best recognition effect at present.

Keywords: ResNeSt network model; oracle bone character recognition; jump connection; coordinate attention mechan-

ism; optimization of classifier; OBC306; deep learning; neural network
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Table 1 Recognition performance of images at different

scales
PRI PR R AR R PUIMERR R/ %
64x64 91.15
128x128 91.59
256x256 91.62
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Table 2 Verification of model

A PUINHER /%
ResNeSt 91.59
ResNeSt-MS 92.92
ResNeSt-CA 91.86
ResNeSt-FCN 92.68
ResNeSt-Final 93.53
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Fig. 8 Examples of recognition effect comparison
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Table 3 Verification of model advancement

iR SE S PR /%
SCHR[14] 241 86.70
SCHR[15] 247 91.53
SCHR[16] 277 91.74

AL 277 93.53
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