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(1. Beijing Key Laboratory of Intelligent Telecommunication Software and Multimedia, Beijing University of Posts and Telecommu-
nications, Beijing 100876, China; 2. Judicial Information Centre, Beijing 100020, China)

Abstract: Aiming at the problem that the named entity recognition algorithm in the general field cannot fully mine the
semantic information in the scientific and technological academic conference paper data, a scientific and technological
conference named entity recognition algorithm based on the combination of keyword-character long-short term memory
(LSTM) and attention mechanism is proposed. First, pretraining of keyword features in the data set is conducted to ob-
tain the latent semantic information at the vocabulary level, and merge it with the semantic information at the character
level to solve the problem that the wrong vocabulary boundary affects recognition accuracy. Then, the bi-directional
long-short term memory (BiLSTM) and the vector outputs of the attention mechanism are fused, and the contextual and
global information is considered. Finally, conditional random field (CRF) is used to identify entities. Experimental res-
ults show that the proposed algorithm has achieved better recognition results on different data sets. Compared with the

comparison algorithms, the accuracy, recall, and F1 index of the proposed algorithm have been improved.
Keywords: named entity recognition; long-short term memory network; attention mechanism; character-word fusion;

accurate portrait; natural language processing; information extraction; pre-trained models
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Table3 Comparative experiment of different algorithms
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