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Abstract: The exponential increase in the number of online videos has resulted in several challenges as regards video
browsing, video storing, and video retrieval. These challenges can be effectively solved by video summarization. The
existing video summarization methods construct objective functions based on empirical constraints and experience setup
resulting from scoring for a set of frames. However, these methods have uncertainty and high complexity; therefore, in
this paper, a video summarization method based on learning-to-rank algorithm is proposed. The proposed method con-
siders summary extraction as a correlation ranking problem between frames and video. First, the training set is used to
learn the ranking function, which places the frames having high correlation with video in the front position. Then, the
score of each frame is calculated using the learned ranking function. Finally, the keyframes with high scores are selec-
ted as the video summary. Compared with the existing methods, the proposed method calculates a score for each frame
rather than for a set of frames; therefore, computation complexity remarkably decreases. In addition, the effectiveness of

the proposed approach is validated using experimental results on TVSum50 dataset.
Keywords: video frame; summary; video frame grabbers; ranking; video operation; video images; video; deep learning
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