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Load-aware score scheduling of three-way clustering for cloud task
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Abstract: A commercialized model is established for multi-objective optimization scheduling of service quality, bal-
anced load, and economic principles in cloud computing. A three-way clustering weight (TWCW) algorithm is pro-
posed to solve the problem of the low utilization rate of cluster resources. First, the diversified requirements of cloud
tasks and the dynamic characteristics of resources are analyzed to cluster and divide the task set by the TWCW al-
gorithm and then score scheduling by combination with task attributes. Simulation results based on Cloudsim show that
compared with k-means and FCM clustering scheduling, the TWCW algorithm has significant improvements in the av-
erage task response time and resource utilization rate.
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Welcome to the official website of the 4th International Conference on Control and Robotics Engineer-
ing (ICCRE 2019). The conference will be held in Nanjing, China during April 20—23, 2019. The aim as well
as objective of ICCRE 2019 is to present the latest research and results of scientists related to Control and Robotics En-
gineering topics. ICCRE2019 is Sponsored by Hohai University, China and Jiangsu Key Laboratory of Power Transmis-
sion and Distribution Equipment Technology.

An engineering discipline that is on the rise, robotics engineering is a breeding ground for creativity and innovation
from people with a background in mechanical, electrical, or software engineering. Robotics engineers may work in the
agricultural, military, medical, and manufacturing industries, among others, conceiving of new uses for robots, design-
ing improved robots for existing systems, or repairing and maintaining industrial robots, says the Princeton Review. Be-
cause robots are already widely used (on production lines, for example), hands-on technical jobs can easily be found in
the robotics engineering field, but there are also plenty of opportunities to take on more inventive roles in experimental
arenas.
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