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Abstract ; Measurement matrix is a core part of compressed sensing. The column independence of measurement ma-
trix and the incoherence between measurement matrix and sparse basis have a major impact on the quality of a re-
constructed image. This paper proposes a new algorithm of measurement matrix based on QR decomposition and ei-
genvalue. The column independence of the measurement matrix is increased by QR decomposition and at the same
time the Gram matrix is optimized. Therefore, the eigenvalue of the normalized Gram matrix approximates to N/M
so0 as to increases the incoherence between measurement matrix and sparse basis. The simulation results showed that
the proposed method has excellent results on the aspects of increasing the quality of reconstructed image. In addi-
tion, the stability of the reconstructed results had more apparent advantages than other algorithms in the case of less
number of observed values
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