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Abstract ; Cooperative localization is an important technique of multi-robot’ s autonomous behavior. In this paper,
the multi-robot cooperative localization algorithm based on the optimization of particle swarm optimization under
wireless sensor network environment is described. The resampling algorithm is introduced to solve the problem of
particle depletion, enlarge the scope of solution space and guarantee the diversity of population. The introduction of
inertia weight provides a solution for the particle degradation. Simulation results showed that by using the particle
swarm optimization algorithm, which is supported by wireless sensor network to assist navigation and integrating ro-
bots’ observation information, the spatial dimensions of the problem can be reduced. In addition, the accuracy of
robot localization can be improved effectively under the background of Gaussian noise.
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