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An assessment method for face alignment based on feature matching

RUAN Xiaohu, LI Weijun, QIN Hong, DONG Xiaoli, ZHANG Liping

(Tnstitute of Semiconductors, Chinese Academy of Sciences, Beijing 100083, China)

Abstract ; The lacking of confirmation for face alignment leads to an incorrect feature match. The decline of recogni-
tion rate in current application of face recognition is called " mis-alignment crash" . Therefore, it is necessary to test
and filter the normalized face images to make sure only the aligned face images can go through the recognition pro-
cedure. In the method, a bunch of right-alignment normalized face images were used to form a mean face which was
defined as the standard face. The key points location theory of SIFT was used to get the key points of standard face
and the features of neighboring images were extracted on the basis of blocked statistical histogram in gradient orien-
tation. The location of key points of a standard face was taken as the positioning point of a face to be detected. Using
the same method to extract the features of neighboring images showed that the similarities of the test images to the
standard face were calculated according to their corresponding feature descriptors of the key points. A reasonable
threshold was chosen to estimate and classify the images according to their similarities to standard face. The experi-
ment proved that this method is effective in eliminating mis-aligned face image effectively and is beneficial for in-
creasing the reliability of a face recognition system.

Keywords :face recognition ; image normalization; alignment assessment; image feature; SIFT descriptor; gradient

orientation histogram; key point location; image matching
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Fig.4 Block and cell division for the key points
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