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Research of the identification methods for
transportation modes based on mobile data

XIAO Yanli, ZHANG Zhenyu, YANG Wenzhong
(School of Information Science and Engineering, Xinjiang University, Urumqi 830046, China)

Abstract ; Identification of different transportation modes in the process of user travel plays an important role in un-

derstanding individuals’ mobility, analyzing and forecasting traffic conditions and mining social activity pattern.

With the rapid development of wireless network technology, more and more sensors are used to collect mobile data.

Specially, how to accurately identify user’s different transportation modes from the collected data has been exten-

sively researched in recent years. In addition, the methods of identification proposed from different points of view to

solve the problem were studied in this paper. Each method and its application was introduced in detail and then

classified and researched, respectively. The focus of analysis is put on the characteristics of each method. The levels

of the recognition accuracy of different methods under different conditions were analyzed in table form. Finally, the

research directions of the identification methods for transportation modes were further discussed.

Keywords ; identification of transportation modes; user behavior; mobile data; wireless network technology ; sensors
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Table 1 Performance comparison of the different sensors
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Table 2 Comparison of the different experiment data used by the method
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Table 3 Comparison of the identification methods based on single sensor
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