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Multi-classifier combination-based hyperspectral band selection

LI Shijin, CHANG Chun, YU Yufeng, WANG Yaming
(College of Computer and Information, Hohai University, Nanjing 210098, China)

Abstract ; Due to the multi-waveband and massive data characteristics of hyperspectral data, dimension reduction is
becoming a distinct problem in regards to hyperspectral remote sensing research. A hyperspectral band selection al-
gorithm has been proposed based on a multi-classifier combination. This algorithm obtains several groups of sub-op-
timal initial waveband subsets through a genetic algorithm, which has better optimizing ability and on this basis
trains several base classifiers with these waveband subsets, and further selects several member classifiers from the
initial classifier pool by using an improved classifier selection method that is based on same-fault measures, reali-
zing the purpose of the wave band selection. And finally, the multi-classifier combination decision is made through
dynamic classifier selection based on the analysis of local classification accuracy (DCS-LA). The experimental re-
sults regarding the Indian Pine benchmark data set show that this new method can select these bands with more dis-
criminative information and obviously improve the accuracy of the classification process.

Keywords : hyperspectral remote sensing; pattern classification; band selection; multiple classifiers combination ;

error diversity ; dimension reduction
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Table 2  The classification accuracy of dynamic classifier

selection based on different numbers of bands
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and the proposed algorithm
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2014 7th International Symposium on Computational

Intelligence and Design

2014 7th International Symposium on Computational Intelligence and Design (ISCID 2014 ) will take place in Hangzhou,

China, between 13 —14 December, 2014. This symposium provides an idea-exchange and discussion platform for the

world’sengineers and academia to share cutting-edge information, address the hottest issue in computational intelligence

and design, explore new technologies, exchange and build upon ideas. We're certain you will find the city of Hangzhou

and the surrounding area to be most pleasant and it will be our distinct pleasure to welcome each of you to the ISCID.

Contact Us
E-mail ; iscid2014@ gmail.com
Website; http://iukm.zju.edu.cn/iscid/



