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Gait recognition based on dual-view and
multiple feature information fusion

LI Yibo, LI Kun
(College of Automation, Shenyang Aerospace University, Shenyang 110136, China)

Abstract ; In view of low recognition rate of single-view and complexity of multi-view algorithm, a research was con-
ducted examining the gait recognition under dual-view. Current research on the contour characteristic of the human
body in frontal view and the dynamic characteristics of human walking in side view was examined using the comple-
mentary features of the gait information under multi-view. Also the gait sequences were obtained utilizing the two
views respectively, and then preprocessed to obtain simply connected body silhouettes. Next, the Procrustes mean
shape was extracted from the front view, and the active energy images ( AET) was calculated by side view. Howev-
er, each of the AEI was projected to a low-dimensional feature subspace via two-dimensional local preserving pro-
jections (2D-LPP). The final recognition result was obtained by fusing recognition results of two perspectives. The
experiments in CASIA dataset( Dataset B) obtained a high recognition rate and achieved the expected effect of rec-
ognition.

Keywords ; gait recognition; multiple feature information fusion; dual-view; Procrustes mean shape; active energy
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Fig.1 Flow chart of gait recognition of multiple fea-

ture information fusion under dual-view
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Fig.3 Gait cycle detection of the front view
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Fig.4 The contour extraction and sampling of front view
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Fig.6 The calculation of side-view active energy image
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Table 1 The correct recognition of proposed algorithm %

Pl WA R 2
fFHI4.5.6 R FFI2 FEI3
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Table 2 Comparison of recognition results %
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