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A predictive system for process control of flatness in rolling mills

using a radial basis function network
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(1. College of Electrical Engineering, Yanshan University, Qinhuangdao 066004, China; 2. Key Lab of Industrial Computer Control

Engineering of Hebei Province, Yanshan University, Qinhuangdao 066004, China)

Abstract; When plate and strip rolling is done in very complex environments, such as high crown (HC) rolling

mills, there are many factors that make system control difficult. Factors affecting the flatness of steel sheets include

temperature changes as well as non-linearities that lead to uncertainty about results from bending roller forces. A

novel predictive control program was proposed, one employing a radial basis function ( RBF) neural network. Tt en-

sures flatness by controlling the bending forces of rollers. Simulation results confirmed this scheme has good per-

formance and robustness.
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Fig. 1 The structure of RBF network
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Fig.4 The track curves of flatness control system
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Fig.5 The output response of system
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