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An audio data retr ieval method bassd on local s=arch trees
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Abstract: For fast audio data retrieval, a local search tree (L Sk, tree) structure isproposed according to the char-
acteristics of multimedia audio data In an L Sk, tree, the zero-k,crossing rate and the average magnitude of the
wavelet trandom coefficients in the audio data are taken asmain and scondary key codes repectively, and the
other coefficients used for the index are organized in the local range On the basisof thisL Sk, tree, an audio data
retrieval goproach ispresented using thewavelet packet best base and thewavelet pyramidal algoritm. Finally, the
research reaults obtained from the proposed gpproach are campared with those obtained using the different-k, level
wavelet trandom coefficients It isfound that the proposed gpproach is effective and fast for audio data retrieval
Keywords audio data retrieval; local search tree (L Sk, tree) ; wavelet packet best base; pyramidal algorithm
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