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A survey of large language models in smart education

XIAO lJianli', HUANG Xingyu', JIANG Fei*
(1. School of Optical-Electrical and Computer Engineering, University of Shanghai for Science and Technology, Shanghai 200093,
China; 2. Chongging Academy of Science and Technology, Chongqing 401123, China)

Abstract: In recent years, the application of artificial intelligence (Al) technology in education has gradually advanced
the modern educational model. Education currently faces new opportunities and challenges. In particular, with the emer-
gence of large language models (LLMs), Al is expected to be integrated into the teaching and learning processes. The
traditional teacher-student binary model of education is transforming into a teacher—student—machine tripartite model.
This study aims to focus on LLMs applied in the field of education and introduce the characteristics of them. It takes the
current mainstream LLMs as examples and elaborates on their actual applications in education in detail. It summarizes
the common and distinctive features of educational large models (EduLLMs). In addition, this study also discusses how
to develop and train customized LLMs to meet the needs of education. This process is very important for practical ap-
plications. Based on the trained EduLLMs, this study further explains its limitations and explores the possibility and its
development trend in new EduLLMs.

Keywords: artificial intelligence; smart education; large language models; educational technology; natural language pro-

cessing; educational applications; multimodal learning; learning analytics
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modal learning for understanding math) , GAOKAO-
Math, Math401 X 6 > %=A {45 ', MathGPT B
4 7 Z 0 B i 23, I HAE C-Eval™ iz
i, A8 H T ChatGLM2(chat general language
model) A1 ChatGPT # A H4F- AU F

2024 4 1 H 5 HAARL AL & AT BN E AR &
IVE: =N ST 2 P NS E  SE PN i
o REHY  RE 2 BRY RN 2 A A,
RIA 2 2] BERE L ROR ATy 25 H 8 A 245
BAJE R, FEXER R AT IT Ko A B RE S TR
A 2 2 A 2 2 AT S AN 2T A5, o A AR A
MR 55, T 3k — 20 4 s 2 AR A 27 ST R . Il
Hb, NATAEAE HOGTE 2 ) i Z W 11 453X — 5,
1 28 L 23 5 W 2 ) 3 BE 2 o) R, B L) AR B [
23 S S AR A 5 ) TP R SOBE, 45 o AR T THT A S
Ttk B35 o 2R WO 26, R DR VF 2208 AR R0 BRI
R, R ARAG B0 77 2R

2024 4F 4 H 16 H A 4R P A i A2 YRR
FEAY, BEAUE ] 30 42 A R n i i R4S T 4
ACAFE B IR HEAT U 5, R B S 8 A B 340 12,
TEHE R B BLAY SOAS AR i 3 & B L L] 2%
AR AE IS0, 2R BB T 5
B BT PR #rr®oR, MEERTT LT —&
G AL T H, anbL&s B e AL AR | N 2k
I AHALEE 73 A A AT B BCSE, S RHOE R 20 SR
BRESCRE, B AR A, AR AL S
HER 25 5 R BE RS, Do AR ERAT L PR BRE
R AR S BIELE RS KR IS
AR, SR PUE R 5y, 33 EECF L, (2R
SRR L R o R SR AR Y [ I LA A
F2FARAE BRIIRE, A R0 T2 AR 3 U3 B SCHR
EIRCR, NEF SFHg RO T 4 B RE
5245 o

2024 4£ 5 H 15 HAEH I KB E = KR
TEGH SRR 8 5, Z IR TEHE T YR IK AL
KRR, BED APPSR R IR L MR ZL
SEpe i BT I, A R AR & R,
X AP A 2 | S R B A B S R |
AU RARTE, Shrr AR R TR RS 3 M R
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(25 2] S FE . B KA RE ST 2~ B FE AR
[7] 2 B ) IR 28 B e oK, 3 AT LA 3l 25 8 8 i 1t
P25 LAIE AN [] 2 2] B B, SRy 2 AR SR A PR Ak
BRI IR T, PR m A T ROR

Xt ¥ ARk i, 248 E (Duolingo) 5 1 H 24
B¢ (Khan Academy) 7£ GPT-4 & 7ii Z J& & — B 8] 5l
43 W HEH T Duolingo Max ¥ & fll AT & € T. &
Khanmigo, —# # & 5 OpenAl #4175 1F 1Y BUR,
FEFAEAN PR SOy TR R B . K IE & A
[N G- AP O R AN o v = B
93, AR KRR ol A T LI R 24 2 O X, A2
ARG ANERAL L AL
22 BATEHEXREE

ChatGPT FI GPT-4 1 Jy 38 Hl i R iH = A 1,
N AAR )z, W A Rl VR BRYT L 2l
EVFZ 7, 6 20E U b A W 11T 40 A
itk ChatGPT 7 & 2% [n] # f) [ AT 55 F LA T
3 A R U AR R ) [ A KA S T 3 AR R
P RAR L, T3 AMIFSE N G fE T ChatGPT X 56
P& 2= IR %5 (United States medical licensing ex-
amination, USMLE) W EREVEAT T PFAL 2, ChatG-
PT R IIEF] T 60% MY Kk 2k, ChatGPT if J& £
NFEA AT LT T4 AW 6L BRI X — &
%, Rizzo W 5L R W], GPT-4 /K VA T
— AR AR R A BE BE A, i GPT-3.5 Turbo N
Y F— A —F R EBLE A . ChatGPT 72 {15
ZEINIE R 2 R PR AR v, JF HL R4 i 28 Sk B A
KITEHAF B . X EWF5E K, 1R ChatGPT X A+
)RS 5 B R B R 2 U E P S B AR, Ol fE
R L, RRTEEZHEFHHRES
BRI N B SRS .

EREHE L, X TR A4 kU, ChatG-
PT IR Z 5 Z4F, 46 % X E & . B SCik RN
BT 5E, BHE DA G 22 R
“EEAE, R ZE SCER AN S SCAR, GPT-4 AR IR
SR X 2 I RS A T g R, 53 8k, De-
mpere 2541 42 5] ChatGPT ik T84 i e, 427+
TR S I, WEAR T R ROCR, B R
THZME . L, ¥ ChatGPT 8 & 2] & 554
B RN AR, R IR A — L 0] UG 15
e, LG BRRA R L AT L O UL ] B ARLL)
B Y N B LBl DL R T ) e R

e HAR2ERL R, L ChatGPT S £, K
T AR TR ) P A BT R 2 TR E W bk
FEVE . ChatGPT %5 KI5 BLAUA e J) fi ok ) 21
AT Y A A EAT 55, JF HLRE RS [R] 2% 4R

TE R G P BEARE & 1m0 255 o R AE M, ChatGPT 7E 1L
2% T ARSI AL A & N5 0 L, - FLAE Ay fige e s
B[R] 1% T 5L, A5 Bl 398 i 27 A= 10 410 0 1 L 44
[ R B T o 18 YRR TR R, R T X ek
B R 30E T 5 rp i 5k A s M

FEA A 5 T, 27 AR T LORE RO = AR
ChatGPT /£ m 5t SCH 4B T B, EREB IS
PR AR RN | RAGE R EIL . A shEE S|
M, U ENE —BES%, b, ChatG-
PT i BEBAUAS RV SR FH IR SCN A . 2R 1M, 2%
Az S Z A ) P e ChatGPT, ZEZUH 45 5 F
T Y 28 T, DURA AR I8 SC Y BB 1 N2
RIAE, 7850 K 3% H ChatGPT 7E2 A 5 A i 4
BRI, [RS8 2 B v

FE O A FH 5 T, 00 A] LS ChatGPT X
2 ) R AT PEAS, AR AR A B 0 PR AL 45
ek A2 SRR . ChatGPT o] LIME N H H
B [t 22 4t (automated feedback systems, AFS) &y
ML R 15, 5 AN EEM A b, B BE % AR AR
R B 0 R L, R 5N
Ui 7 B — 34, ChatGPT b 7E /N R iR s F
Al X5 $E A 2 AR R L, it ' KIEA
ChatGPT 2k B S 15t 5 2F s A oG, (B2 k=
BIHFESY, BT L ChatGPT 1B M EAG & 45, #EH4k
HOMHE Tk BT T Ty R I BRI
T F1, BEREHUE ELERA I W7 A KOS B S 5%,
{EAEEN ATy TR A AS /N B PR RS 2 2 e
23 BEREBHHARLEELLBES T

TEZE ROBRL ) Pt & e rp, B RLTE Z RS
Al A AR 2T AL RE L AR TEAL AR S
FRE R AR LRI T E 5 R W o A%t
FEHE KRR IEAT T WA BT, 3 h
PR B E AT IR T R4S B R B, SR As
SRR HE T 2R A $E
231 Hids R

ZESME FEHE KB OR i
B U A 2 A S A X, DUE R 2 ik ih 2
B oK, A RO R | R N E KA
B KGERE . B = KRR ChatGPT, X Fh 2R A
SRR E RS R A R R T R A
SEH AR, Wk TR Z U E s P aE N

MRS THEF R 5 5 8 AL
2] BEAR IR, G S AT R AR R 2R AT O LB
BET R AV AN ARG, LA ML . EduCh-
at, BN E KB B = KA GPT-4 761>
PEAL 24 2] LA MR 5, A A iR T RS
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R, B RE N 2= A SRR IS, B B A T
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KALHILE NG 26 7 HTE AR (4 i B R B 5, GPT-
4 [ R T BE I A Y F#UE o, ek
AL R 55T, FHRTHET s T,

BERIFEERE RIS A P,
FRP B B2 45 D BE, AnAE SCHESCRT B PED, B AT
g2 PRS2 S e L R B
KiEff: . EduChat F1 ChatGPT #3H A7 VE SCVEAY | i
H A EIIRE, h AR AR ) A R PR AR 1R
A5t DT B8 5 2 ST 3%

AMEEIA T S SR I TR SOA
BRI ISR, W52 MR R . A
MR FC I o Pl =5 RO ) 9 U8, 50— = SR 2R FH v J
HHHEIERE, BduChat 45 /8 T #H B4
J%, ChatGPT 7£)" 32 B4R X945 1, M #HE %
SRR T EE AR R
232 EFHAFE

B OB T T AP R SO B R S R
A, R lE A R RN H R4, A
7E SuperCLUE Hr 338 FHPEM vh R B0 (1, JEHAE
Hh SRR 3 T HL A% B AR

EduChat fift 2 T R 15 5 BERAE 20 P i < AR
by DM A kA P TW P U a8 K B NV Tl 3
165 PRI, EduChat S T R0TR A0 S BT, i
HFREHEARNAE . g &N
TS RF I REE— 3 T2 TR BERE

RN - =URIE TR 2 T B
SRR AL R S MR FAA B, )2
HATEifeE. e5Z2mERaE, JFET 24 /0
B ATBI RS, EmBREE P T,

“F BB ST R [ IE N A )RR R, 4y

Bl sk 2 TC B N2
FR R i 4k
;ﬁ?}ﬁ% Pile LE;fEn%:lirawl # TO GPT-NeoX OPT

LLaMA

| BLOOM
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|

|

|

BookCorpus PubMed
R

k2
b LY HHTH
g&ﬁ{ﬁ vt Altair  Apache Spark

ﬁ Petastorm  TFDV

& 2

HREPE, )iz I THERUEAT B R 2R 5

MathGPT fF £ 480 & I R & B AL,
fifg IR A im0 EL UL BRI W, AR 2R
M R B 5, A ECEE0F R4 7RG M A A R
5 SR

B AE R B RN 25 & LB e /oK, $ it T
ARUE S WA R 2R AT #E TR, 5
12 HE W 28 F- 65 TR BE Rl A, 5 Bl A g i 2= B e L )
%, BREREERNA T,

F = KRR S 50 T 2238007 5 b i H
F2 B ] AR AR 2 RN SC i B Z, 38 i sh A AR
R BERIA AR SO B A A T SRR, 1S T K-12 3
BMZEFRH S

EBRNE G- N RV SRE e A o 2 v b R
b 2], i ZES R AR S F RO, AW
B R AR Y

Duolingo Max #1 Khanmigo % GPT-4, LT
B MRV EE, SRR E S R SE )
W, U HAE G EPRE S 7 S AR e oK

ChatGPT Al GPT-4 1 Jy it F ARy 13k,
TEZE G B 28 A, 3 T3 iE L Bk
B 2R, AR AR LR R R L TEE A
SCAHE WA o BERVEA T2 1 R it A R R A
122 H I RE, 752K EE 5t b BA SRR I H]
T ) 0 L

3 WA AR

F AT LA ChatGPT 4 B B KTE 75 R G #4 2 3=
BALHE 4 AP B B AL B | WS OISk A
W B B R RS AT Ay 55 B[R T A A
4 P 7 L, 32 R A ORI o R AT AR B
WK 2 fiR .

4 W B | HOREA S0
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|

MR EE
GSMSK (5(2%)
MATH(E2%)

INZTER
LoRA ~—
Prefix Tuning . -

Adapter Tuning

|

|

|

[
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ERIH R L b I
"output": "IEAFE G 120 km/h\fRE: |
480/4=120 km/h., " |
|

|

|

|

FR 7 -Math

AR R ()

HEXRBEBERE

Fig.2 Process of building EduLLMs
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B4 0 Ab RR R OE F AL R OCHE AL TR, I R
B RY % P R AR R — &8 40 B ok T A ER 98 19 o
o H SRS ERKE F AR AL T HF KA
£, X ERZ DSCARMIE A B, #0555
M IR REE | R RIS S, B B
RUSETHIE D PEAL 22 | ) B 28 AR ML P 554
SR . BE g F T4 2 Fh, B I SCAR
R FHSCA o 38 SCA =20 2 A B A 4 it
J7z ) AR Bl R B R AR iz Ak Re ) . B
SCAS WU BE 22 Ml G T 4R o ) 40 Rk R, R i R

GUR )Tl . IR e B R 2, B EL
PEHEAT AL BE . RO EE BRIz, S
ZEANTE, A BEIE AL R R A AF BRI 2Tl
X, B o G| KBS 22 A TR, ok ST 23 5 2
T RERIYIZRAPERE, B LAYIAT — S HH S 35 1
Bl e RAR B2 NI, o Bl AT FiAk B
A DL TR o i, (A R e A A T 5 Y
PERE . T LA A A © 2 Ak B i Bt 46,
AL O A DG 1AL 21T R X B30 E AT A
2 A2 TSR BE R LR DL K
ko

K2 HERERHEE
Table 2 EdulLLMs datasets

e MEA i
pil! Pilef&— A ZFALMTFIE 5 @R 4, 2280 H s B 4 hitos://oile.cleuther ai
ﬁ%éﬂ%ﬁ*@ psi//piie.eleutner.al
OpenWebText2 OpenWebText2J& — R AL R A HE AL, K291 71075 63 SCRYHI hitps://openwebtext2.readthedo
PENWEDTEXIE  65.86 GBI A [ 4H A cs.io/en/latest
Common  Crawljg— 2% ELIT i) Webl[C Ui A7, B2 500
Common Crawl®? 1251 F 20074F 5 28 HF i iE b LIk, HLATE# I 17 RFFER 3CH hitps://commoncrawl.org
eI
i ROOTS & — 5 M5 9F i 5 (46 A AR I & M3 Fh A2 1R 5) hitos: /hugeinef biosci
BN ROOTS 1.6 TBEWELE, AT INZIA1 760/ HIBLOOM(big science large ttps://huggingtace.cofbigscien
. .. e ce-data
open-science open-access multilingual language model )57
Wikivedi Wikipedia % i 2 I 4k T2 5L 71 R 10 Bl e A 1210, A 5 200 hitps://en.wikipedia.org/wiki/
tapedia —NTFE, BIEAUE —RTEREN g a RSN Wikipedia:Database download
BookCorpus!” BookCorpus##i 8 /& i1 K 5 2 /N AT FE I B, AL 5 16F A A hitps:/huggingface.co/datasets/
P ERRRIOIVIEZ S0 bookcorpus
e arXivig— ™ML 17007 R arXiv IR (A, 35 H T 3507 . 1830 hitps:/www kaggle.com/datas
v WeAET 8 Ar2ETR0 | iR b AN SR S S5 ets/Cornell-University/arxiv
PubMod PubMed % #is 5 3205k [ AR W B2 27 A RS, ARG A e | httos://oubmed.nebinlm.nih
u (&] ﬁ‘?’ﬂﬂ’#\ﬂ’.’?ﬂ”i’%’?ﬂ’ ttpS. pubmed.ncobl.nim.nin.gov
SQUAD2.0 M HH AR () S 4R (SQUADYE — T L FRA A 52, R 4ERE AR SCEE hitps:/rajpurkar.github.io/SQu
‘ AR B IR R G, PP A SRR B AN B ) SCAR AD-explorer
SNLIS WA AR B AR S RS AR (SNLD & H1 5705 45 AN T4a 5 I 9815 ] F https://nlp.stanford.edu/project
FR, F-Bhbmic or &G A PEpe s s/snli
Eedi Eed il 80 & P2 AR5 AR I 28, X S i 22 S0 s BRI https://eedi.com/projects/neuri
edt 1 70007, FHEICACH H ik ik i K & Bl L — ps-education-challenge
ZhiuRoed™ ZhihuRec KR AERIE THIT-F- 5, 10K AR LA AEEAR B4 https:/github.com/THUIR/Zhi
£ A, L R B AL F P A H AR huRec-Dataset

P&N CCPMB)

e ] oy R R D S 4R (CCPMY), g 2R 530 A0 25 13 JOW 7 F 48328 | hittps://github.com/THUNLP-
A R R RN T ) (5 e
P SO RE 5 (ChID) & — A T 58 I B 2 P ) AR o SO hittps://github.com/chujiezheng/

AlPoet/CCPM

ChID-Dataset

ChIDEY st ChIDf 7587/ BAE, 36 4 sk
Deltaldl 1 F0 i 5CHE 4 (DR CD) S~ 56 e SCHL 28 B 1030 A 2 B
DRCDP”!

[i)

Chinese-Poetry FNHEAD T B g

APPS® ) i T A

S PSR AR 112 10855 4 3L TR Sr 85 1 77 4Bk Fu3 J7 4 htps://github.com/DRCKnowl

edgeTeam/DRCD

HAE Tl SR B 4R (Chinese-Poetry) 655,505 B 1R L 2671 BRI hitps:/github.com/chinese-

poetry/chinese-poetry

APPSEURAEM S LT EM A, X268 B P& T 260 PATHFS 2 hitps:/github.com/hendrycks/a

pps
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https://pubmed.ncbi.nlm.nih.gov
https://rajpurkar.github.io/SQuAD-explorer
https://rajpurkar.github.io/SQuAD-explorer
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https://eedi.com/projects/neurips-education-challenge
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https://github.com/chinese-poetry/chinese-poetry
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https://github.com/chinese-poetry/chinese-poetry
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Table 3 Open source large language models

HiX Y RATEF ] K/IVB
TO®! 20214F10H 11
GPT-NeoX™  20224F4 20
OPT!®3! 20224F5 H 175
BLOOM®™  20224E11H 176
ESEZN LLaMAPY 202342 7/13/33/65
LLaMA 2650 20234F7H 7/13/70
Gemmal®® 202442 H 2/7
LLaMA 37 20244F4H 8/70
Gemma 2% 20244F6 H 9/27
PanGu-o/*”! 20214F4 H 13
GLM!™ 20224F10H 130
Qwent® 20234F9H 7/14/72
" Baichuan 2" 20234F:9 7/13
Yil™ 20234E11H 6/9/34
YUAN 2.0 20234F11H 2/51/102
Qwenl.574 2024425 0.5/1.8/4/7/14/72
Qwen2!" 202446 7 217172

33 BHEROB

MW GERZ G, R EE T EENiEE
AR RUBIRE M TR SCAR ERAE g, Ml 2
& T XNE S Rz LB, SR, b T A AL B
TEZCE Gkl b AR5 B AP O MR RE, RRAS T4 A U
by [ 225 20 6 40 3 A ) AR, 5 28 A 28 A R s v 4
Pt (RIS BEAS BB A IE B 22 28 sl b 25 1 508 ) ok
PR RILE R 2 AT 55 BRI, XA R A 38
oAb TR AL B AL, AR R R A% B A b b R S I
s (BERTRIEFHEMMSEEE R, I
RO R b X G S EGHE T B, 258 E
KA A7t A E R A o B DA R v 33500 Tl 0
e Gy L R PO N N G S NG 5 N
TR 2527 2 B 3R, [ I B AR 15 B I B TR e,
RO BT B WL F Bz —. R 45028 T % U
B0 T 1

x4 BRNMBFZE
Table 4 Efficient fine-tuning methods

Jrik ER s} ]
o TE BTSSR S
SHEOR 2012
FBUB ot 012
R AN S R
o %ijﬁinﬁﬁ)ﬁpg&ﬁ//ﬁ 20154
bl 2 2 R (L7
Adapter Tuning!® i;fiﬁ\;];ij;z/ PR, DL 20194F2 H
AT 22 2] 54 ’afﬂ}n
Prefix Tuning[77] g;ﬂ]iﬁ X}EJ%J/\??U L )L'ff 202154:1)%
. i FH K B C 1 X 2% A i
P-Tuning!® SRR A 20214E3 A
5 L[\ A‘Lé;(x\#/4/%, ‘u’ HT:';'_‘
Prompt Tuning!™ z;ggrﬁ; REATHOR, e 20214F4 H
FUBCRBE A BT, 0B
BitFit™! %ﬁﬁ” BRIV RII, B2 ) ) e
B
| 5 , b
L RA f;&rggi;m@%m MO e
T N 24 0 A AR T AR
P-Tuning v21*” ﬁ%ﬁ%@g BRI )0 ap 105
133 o PR ARG 4, 2 s
AdaLoRA™! e i 2023531
R ERRR 4 bit,
QLoRA W S 17 = 202345H
S e 5 B
DORAL! iggﬁmﬂ R ey

YRk A £ 4R N iz b it L m i HAR
TR AR T Y, [T EEAR S B AR RS
BUREAFREE A OB EREEE. LLingE
EduChat ™1, ff & A G AH 22458 Y 2 41t B 58 5 rh 3
R85 ) SRS R, At T8 A Tz 5 A Sl
JB 7 8 8E £ ESConv(emotion support conversa-
tion dataset)!™ B3 Bl SOOI HEAT N T8 A RIS
B, QI T ESConv-zh 4l . Ak, ALAT N T4
SRR R, A1 T — AN VE SCEAS SaE 48
Horr 45 i ChatGPT AL IR SCRE 2 L X T L
RIS, H AR R A S Kt H B0 it
3.4 #HETAE SN

MR H R G — PR R RIE TR
R PEAE TN, B A S B AR R I it A v oG
FADYR, H )2 00 ORI B M BE W A T A AR T
R R oK o XA B T3 B AL Ve, 18
PR B (8 AT A S B G FIPE LR . i H#L
B 2RI A ok AT DU 3 A VE Al B An B eE 2R
GSMS8K(grade school math) F1 MATH, F| F i 2%
RFHIGE F BRI B IG, PP 145 3R] LU
J& SRR R Rk . 3R 5 B TR WA E
DA e £E -
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Table S Educational testing datasets
FAl AR A ez
MMLUE! MMLU%—j@/F‘? T 5755 B0 SO BAE 52, MEBEA 5515 hitps://huggingface.co/datas
3 K34 K- B ets/cais/mmlu
WinoGrande™ WinoGrandelSU £ T 4.4 771> [0/, 422 T 86 AR I 25 M FBEAN hitps://github.com/allenai/w
eREdh inogrande
C-Eval*! C-Evalfd % 1.3 M2 WEFEE, Wi 7 524 FHA4 M HERE DU https://cevalbenchmark.com
AGIEval™ éGIEVifEE'~/1\ H Tﬂ%ﬁﬁ%ﬁ?ﬁ*ﬁﬂﬁﬁ@%%iﬁ':Pi'%f% HIBIELE, hitps://github.com/ruixiange
W TR 55 R e TR ui/AGIEval
90] CMMLUZE—/MEE T 674 TR iy SCI B 4, W & B 2R 8L https://github.com/haonan-
L CMMEUT o S oopbor A cl R i 1i/CMMLU
SuperCLUEL Sup?rCLUEzEég/l\ é'/%% PR B A, FEOCHIE SIS https://github.com/CLUEbe
A BB RE S AR Agent BEMR AL 255 1 205U Rl BE ) nchmark/SuperCLUE
GAOKAO-  GAOKAO-Bench/fi, 7 Hy v [ 5 7%  H 41 L s 4& , e 172010 hittps://github.com/OpenLM
Bench®!  20224FAEEH BB, H PR 1 78 HEF VLB 03038 WA Lab/GAOKAO-Bench
paa. M3Exam® M3]?xim@‘/ﬁi\ 12054 T, w1 M i 96 A A B BT IR A 2 hitps://github.com/DAMO-
OFfif = NLP-SG/M3Exam
GSMSKL! GSM\SKj%:/I\@ﬁs 0@5?4?'?‘?&%@?&%%%@%%, AT https:/huggingface.co/datas
e Al KT T R R R ) B Y g B ets/openai/gsm8k
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