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Research on key technologies and applications of intelligent
medical and care integration service platform

CHU Dianhui', WU Jun’, LIU Zhizhong’, TU Zhiying', HU Xin',
LI Chunshan', SU Huan', XIA Yong', GAO Xiyu’

(1. School of Computer Science and Technology, Harbin Institute of Technology(Weihai) ,Weihai 264209, China; 2. Shandong
Zhongyang Health Technology Group Co., Ltd, Jinan 250101, China; 3. School of Computer Science and Technology, Henan Poly-
technic University, Jiaozuo 454003, China)

Abstract: Recently, there are some problems in China’s medical health and pension service industry, such as unbal-
anced resource structure, low level of intelligent medical and pension services and difficulty in cross domain collabora-
tion. At the same time, there is a lack of information system and mechanism to deal with major epidemic and public
health emergencies. Based on the new generation of information technology such as big data, artificial intelligence and
service computing, through the innovation of key technologies such as service mode, service matching, intelligent dia-
gnosis and treatment service and auxiliary diagnosis robot, through the deep intelligence coordination of “Internet plus
medical health” and “Internet plus pension” service system, we has realized the deep integration of medical health and
pension services, it solves the challenges of integration of medical and nursing service resources, governance of multi-
source, whole process and whole cycle intelligent auxiliary diagnosis and treatment, and supply of medical and nursing
integrated services.

Keywords: medical health; intelligent old-age care; services match; medical and care big data; intelligent diagnosis; dia-

gnosis and treatment robot; medical and care service platform
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Fig. 4 Research on demand perception of medical and nursing services based on Knowledge Graph
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Fig. 5 Medical and nursing service recommendation method based on deep learning and multi-objective optimization
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4) fv = Preprocess(window) #filter & extract fea-
tures
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9) Merge(active clusters)
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13) if cluster.time - fv.time > tolerance

14) discovered cluster.add(cluster)

15) active_cluster.remove(cluster)
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Fig. 8 Automatic completion of user fuzzy requirements
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Fig. 9 Detection of human atrial fibrillation based on deep learning
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Fig. 10 Framework of detection method for pulmonary nodules based on deep learning
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