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Extreme learning machine for emotion recognition of tactile gestures
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Abstract: To overcome the deficiencies of sound and image emotion recognition, a new emotion recognition method,
haptic emotion recognition, is proposed. A series of haptic emotion recognition studies on Corpus of Social Touch
(CoST) datasets were performed. First, the CoST data was preprocessed, presenting some features about haptic emotion
recognition. Using the extreme learning machine classifier to explore emotion recognition under different gestures, three
kinds of emotions, gentle, normal, and irritable, under 14 kinds of gestures, were identified with higher accuracy and a
faster recognition speed (0.04 s). The results showed that differences in gestures will affect the accuracy of emotion re-
cognition, wherein the recognition effect of the gesture “stroke” is the highest in classification accuracy under different
classifiers. This new method yielded better classification accuracy, reaching 72.07%. As a classifier of haptic emotion
recognition, the extreme learning machine had better classification effect and faster recognition speed. Some gestures
corresponded to certain emotions, which affected the classification results.
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Fig. 1 The flow chart of emotion recognition
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Fig.4 Segmentation of a “rough massage”
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Fig. 5 A two-dimensional comparison of three emotions
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Fig. 6 A 3D comparison of three emotions
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Table 2 Accuracy of emotion classification %
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