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group intelligence algorithm

LI Su', YUAN Zhigao', WANG Cong’, CHEN Tianen’, GUO Zhaochun'

(1. Beijing Key Laboratory of Big Data Technology for Food Safety, Beijing Technology and Business University, Beijing 100048,
China; 2. National Engineering Research Center for Information Technology in Agriculture, Beijing 100097, China)

Abstract: The support vector machine is based on statistical learning theory, which is complete, but problems remain in
the application of model parameters, which are difficult to choose. In this paper, we first introduce the basic concepts of
the support vector machine and the group intelligence algorithm. Then, to optimize the latest research results and sum-
marize existing problems and solutions, we systematically describe various classical group intelligence algorithms that
the support vector machine parameters identified. Finally, drawing on the current research situation for this field, we
identify the problems that must be addressed in the optimization of support vector machine parameters in the group in-
telligence algorithm and outline the prospects for future development trends and research directions.
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Fig.1 Finding the optimal classification surface
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WAL (genetic algorithm, GA) J&— 28445
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FLFHEE (particle swarm optimization, PSO)
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NT AR (artificial fish swarm algorithm,
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XTSRS BSR4
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DX /INZZ SEIFRL | B AR ZERL Y Z R IE A R
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753 AT DATE $5c /0 B4 I 1) 3R 4542 5 A RS B2 5 D. T . Bui
SR T — bR e/ 3f SVM HE BRI 1A
TIERECAL AR AR R ik i b X (R %
WS A T Y 2s ) il SEUR A5 SRR, 2B Ay
TR BE 7 e MFAT IS SVM 3545 19 T BE ) S 4
DRI, 2458 TR 0T 9 X 3 M 9 2 ) T30 A1) A %8 T
H; Z Mustaffa 25t —Fl N TR O 1E
N3 SVM IS, FH AT RSN S . SEE
S5 R T AT AR HLA o T E Y R

25 TR, N TS A 3 o A DB b A 5 5 ek
HE, FEBA N Jmy ¥ S 0 At (B RIS, 2 5 il K i
WA T, JF B PR RE e AZ e 7 i A
N T AR VA 32 th B ] N, A Ak T 28 By
B, T 2T
3.6 BEANHREZE
3.6.1 BKRAEMAN

w7 K HE % (glowworm swarm optimization,
GSO) ZEIEE*# KN Krishnanand 2542 H i — A
PR AR, . s AR ) T BRI : B4
i OB B R i MR PO R KR POk
W | H A [ B, I 1) s rh 9 B s A ALY
KRB, AR A S0 R
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3 (5) FA Y E B L F N 2 A 2
R, AR e 22 18] B4 1 2 27 23 A fiE UL,
A R 58 BEA RIS AR I 51 7, (R
A RMERTH A e SRS Horp g, FoR e N
0 YIS 1, y 9 esm M R B, 7 27n 1 I g Kk
HUZ 8] I L HLAHIE 2 1°F- 7, rand SA[0, 1] Bl
B2 o0 A O REALIN 1o SEERZERAR I, et A
HORATE VR SVM R BT RIIE T 702K 4%
WS PERERTRIIN, B35 4R 10 NG, U T R
G IPLAERCR .
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Table 1 Comparison of advantages and disadvantages of optimizing the SVM parameters of various groups of intelligence

algorithms
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