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Local feature facial classification method

SUN Jinguang', DENG Zhishuo

(School of Electronic and Information Engineering, Liaoning Technical University, Huludao 125105, China)

Abstract ; Considering the problems where the feature points of traditional facial classification algorithms are not
located in the position of the actual feature points and are heavily dependent upon the contour curve, a facial
contour circular neighborhood local feature expression and a facial classification model were proposed. First, the
preliminary facial contour feature points were located and then around the feature points, the triple eight connected
round-neighborhood was selected. By calculating a neighborhood level and expanding the neighborhood with the
central area between the texture changes, the binary code sequence was generated and the tectonic facial local
feature vectors can be created. Then, the faces were classified by designing the OVO-RBF-SVM classification
model. The experiment was conducted on the CAS-PEAL face library for facial contour feature discrimination,
achieving 94.28% accuracy rate; under the same circumstances, the face-type discrimination methods which are
based on the active shape model and jaw curve model were compared, and the accuracy rate raised 6.64% and
6.58% , respectively. To a certain extent, the method proposed in this paper solves the problem where the error
increases when the location of the feature points are relatively inaccurate, and at the same time, the original picture
information is utilized as much as possible, to ensure the accuracy of the contour feature extraction, which has
strong robustness. The experimental results show that this method is suitable for facial classification.

Keywords: facial classification; round-neighborhood; feature coding; local feature representation; multi
classification support vector machineface
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Fig.1 Schematic diagram of circular neighborhood
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Fig.2 Schematic diagram of deviation angle
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Table 1 Influence on accuracy of different neighborhood radius
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Fig.3 Schematic diagram of feature point location
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Table 2 The experimental results of all feature points on

the face contour
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Table 3 The experimental results with 1/2 feature points
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Table 5 Comparison of the accuracy of various algorithms
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2017 Z AR AR &
Multimedia and the Cloud 2017

The proliferation of cloud computing and storage infrastructure as well cloud services provides a rich platform for
multimedia researchers and developers to innovate new applications and services which would not have been possible
before. For example, video streaming of high-definition content has now reached a fairly mature state. However, going
forward we will only see an increase in multimedia applications which will require assistance from the cloud for multimedia
processing and delivery. Examples include 3D content ( stereo vision, 360&#65533; virtual reality) , interactive content,
server-assisted multi-party conferencing and gaming, and large-scale visual recognition. Microsoft Azure $ Cognitive
Services APIs and Google Cloud $H Vision, Speech, and NLP APIs are just beginning to scratch the surface of what will
be possible when multimedia meets the cloud. In addition, the proliferation of mobile devices which need assistance from
the cloud for multimedia applications keeps increasing. In this workshop, we aim to provide a forum for research which
includes both multimedia services ( recognition, processing, coding, delivery) running in the cloud as well as multimedia
applications which utilize them.

High quality research in all areas related to multimedia and the cloud are solicited. Potential topics of interest are the
following.Cloud-assisted multimedia content ingestion, processing, coding, storage, and delivery ; Multi-party conferencing
and gaming; Interactive client-server multimedia applications; Cloud-assisted virtual reality and augmented reality
applications ; Multimedia recognition in the cloud and hybrid cloud/device recognition ; Multimedia social applications and
content sharing utilizing the cloud ; Cloud resource management issues specific to multimedia; Privacy / access control for
cloud hosted multimedia content ; Multimedia big data processing in the cloud ; Mobile multimedia cloud applications and
stream analytics.

Website : hitp ; //icme2017-cloudmm. azurewebsites.net/ main2. html



