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Emotional multi-source correlation model for
chinese micro-blog sentiment analysis

LI Lingxiao' *, LI Shaozi'**, CAO Donglin'**
(1. Cognitive Science Department, Xiamen University, Xiamen 361005, China; 2. Fujian Key Laboratory of the Brain-like Intelligent
Systems, Xiamen 361005, China)

Abstract; With the explosion of social media information, sentiment analysis of public opinion is attracting more
and more attention. Compared with traditional text, the Sina micro-blog contains a variety of emotional sources, in-
cluding sentiment words, emoticons, pictures, etc. To solve the problem of the poor timeliness of lexicons in Chi-
nese social short messages and to utilize the correlation between different emotional sources, an emotional multi-
source correlation model (EMCM) is proposed to carry out sentiment analysis on a micro-blog. In particular, it
takes advantage of the correlation between sentiment words and emoticons. It imports the multi-sources and correla-
tion probabilities, and then builds a correlation model between the two emotional sources, emotional words and
emoticons, based on a voting model using sentimental words. Experimental results show that this model achieved an
accuracy of 85.3% in 6 171 micro-blogs, higher than either the traditional method based on voting (83.4%) or the
SVM method based on similar multi-features (82.9% ).
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Fig.1 Word voting model
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Fig.2 Uncorrelated model

B3 SIEEREXBKER
Fig.3 Emotional multi-source correlation model
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Table 4 Dataset sentiment polarity distribution
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Table 5 Sentiment features of baseline
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Table 7 Misclassified examples
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Table 8 Experimental examples
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International Symposium on Cloud and Trusted Computing 2016

Current and future software needs to remain focused towards the development and deployment of large and complex in-
telligent and networked information systems, required for internet-based and intranet-based systems in organizations. Today
software covers a very wide range of application domains as well as technology and research issues. This has found realiza-
tion through Cloud Computing, Big Data, and data intensive applications. Vital element in such networked information sys-
tems are the notions of trust, security, privacy and risk management.

Cloud and Trusted Computing ( C&TC 2015) is the 6th International Symposium on Cloud Computing, Trusted Com-
puting and Secure Virtual Infrastructures, organized as a component conference of the OnTheMove Federated Conferences
& Workshops. C&TC 2016 will be held in Rhodes, Greece.

The conference solicits submissions from both academia and industry presenting novel research in the context of Cloud
Computing, Big Data, and data intensive applications, presenting theoretical and practical approaches to cloud and big
data trust, security, privacy and risk management. The conference will provide a special focus on the intersection between
cloud, big data, and trust bringing together experts from the three communities to discuss on the vital issues of trust, secu-
rity, privacy and risk management in Cloud Computing, shedding the light on novel issues and requirements in big data
domains. Potential contributions could cover new approaches, methodologies, protocols, tools, or verification and valida-
tion techniques. We also welcome review papers that analyze critically the current status of trust, security, privacy and risk
management in the cloud. Papers from practitioners who encounter trust, security, privacy and risk management problems
and seek understanding are also welcome.

Website : http : //www.otmconferences.org/index. php/ conferences/ ctc-2016



