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Analysis of telecom customer churn based on
fine-grained association rule mining

LIANG Lu, WANG Biao, WANG Jianhui, LIU Dongning
(Faculty of Computer Science, Guangdong University of Technology, Guangzhou 510006, China)

Abstract: When using traditional association rule mining such as decision tree to analyze the problem of telecom
customer churn, we always meet the problem that the dependency of attributes are not enough fine, which means
traditional methods not only cannot analyze the internal structure and hidden fine-grained related rules of attributes,
but also cannot satisfy the needs of analyzing massive telecom data. In this paper, we solve the above problems by
using fine-grained association rule mining. We firstly design a binary coding method from logic viewpoint to break
attributes to segments, and then build the positive and negative training sample sets based on segments. In experi-
ment we adopt the one clause at a time (OCAT) algorithm on association rule mining for speeding up the conver-
gence speed and saving the overhead of time and memory. Finally, the experimental result shows that this method
improves the fine-grained of the association rule, which can be easily used in parallel computing to raise efficiency,
and satisfy the requirements of current telecom application.
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Fig. 1 Process of fine-grained association rule mining
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Fig. 2 Experiment results
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