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A method of similarity measures between vague sets
based on inclusion grade

JIA Wei

( Department of Information and Computer Science, Xinhua College of Ningxia University, Yinchuan 750021, China)

Abstract ; Through aiming at unreasonable measure results of existing similarity measure methods, the inclusion re-
lationship between elements and inclusion relationship between complements were combined with each other by u-
sing the inclusion grade relationship between the vague set and its complement set. A new method of similarity
measures between vague sets based on inclusion grade is proposed. The new method takes into account the influence
of unknown degrees on similarity measure, and sets up reasonable coefficient. By comparison with the existing simi-
larity measures, the new method overcomes the defects of the existing similarity measure methods and can distin-
guish data reasonably and effectively. The measure result of the new method is consistent with intuitive sense of peo-
ple. A new way of thinking was provided by researching the method of similarity measures between vague sets based
on inclusion grade.
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