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Defect detection on a steel slab surface based on

the characteristics of an image’ s saliency region
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Abstract ; In considering complex defect conditions in steel slab surface detection, a new defect detection method

based on the saliency region was presented from the viewpoint of image processing and graphics features. First, by

the processing of saliency region characteristics and Gabor wavelet filtering, the feature image was obtained, and

then the characteristic regions in the two images were fused to obtain a highly reliable image of the defect region

characteristics. Finally, the defect was detected by a well-trained Adaboost classifier in the fused defect region,

thereby obtaining the final defect positioning result. The algorithm combines saliency region characteristics and Ga-

bor wavelet features; it not only narrows the search range of the Adaboost classifier, but also improves the ability to

exclude pseudo-defects. Consequently, it has faster positioning speed and higher accuracy. The algorithm per-

formed well in the experiment and possesses high practical value.
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Fig.2 The flow chat of saliency region detecting model
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