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An application of multi-class SYM n the classification
of artigtic attr ibbutes of mages
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Abstract: In mage classification, few current classification algorithm s classify images by their artistic attributes An
automatic image classification system based on artistic attributeswas developed for classifying images in typical ar-
tistic styles such asphoiographs, Chinese paintings, watercolors, ketches oil paintings, and © on The gystan
anployed a support vector machine (S/M) asa classifier U sing a classification method at various levels, an S/M
binary tree multi-class classification algorithm for image classification with regect o different artistic attributeswas
proposed By analyzing the imageswith repect o the different artistic styles, some easily computed representative
characteristicswith good discriminability were extracted at each classification level Experiments on a variety of
characteristics at various levels and the total characteristics of classifierswere designed o evaluate the proposed
classifier Experimental reqults shoved that the system has good classification performance
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Fig 2 Binary tree based S/M multi-class classification for
different artistic style images
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