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A hybrid strategy for differential variation
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(1. Department of Mathematical Sciences, Xidian University, Xian 710071, China;2. State Key Lab. of ISN, Xidian University, Xian
710071 ,China)

Abstract: A new hybrid strategy for differential variation was developed in order to improve the performance of dif-
ferential evolution. The strategy regards each individual in the population as a charged particle, and uses the charge
level of the particle and the attraction — repulsion mechanism among particles to determine the probable direction
and magnitude of motion. This strategy can compel individuals to move adaptively in the direction of the forces ex-
erted on them by three other individuals. Numerical experiments showed that differential evolution based on this

strategy has high accuracy and requires fewer evaluations.
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