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An adaptive image ssgmentation technique based on multi- Agent sygem

CHEN Xiao-bo, CHEN G Xiarryi
(School of Computer Science & Telecommunication Engineering, Jiangsu Universty ,Zhenjiang 212013, China)

Abgtract : The automatic segmentation of complex imagesis a challengingissue. A novel approach was pro-
posed to segment i mages adaptively based on multi-Agent system. Individual agents were described with
their attributes and behaviors. The interaction between Agents was described by cooperation and competi-
tion. Finally, the MAS reached a balanced state after a process of recursive self-adaptation and the image
was segmented. Experimentswith complex medical images show that the MA S approachis suitable for use
in image segmentation.
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Fig 4 Brainimage used for segmentation
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Tablel Parameters used for ssgmentation
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