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Video commercial detection based on the robustness of shot

ZHANGLiang' , ZHU Zhenfeng', ZHAO Yao', LU Han-qging’
(1. Institute of Information Science, Beijing Jiaotong Univesity , Beijing 100044 ,China; 2. Key L aboratory of Pattern Identifi-
cation, Institute of Automation under the Chinese Academy of Sciences, Beijing 100080, China)

Abstract :Automatic detection of commercial s embedded in digital video materialsis a challenging task with
the development of retrieval of multimedia data. However , because of the diversity of production modes
and expresson methods of commercial s, the performances of current detection systems are inadequate. In
this paper , athree-phase system for commercial detection is suggested to improve robustness of the detec
tion system. Firstly, two Region-based Feature Importance Detection schemes are proposed to detect cut
shots and dissolved shots respectively and some statistical features are al 0 extracted to mark shots. Sec-
ondly , an SVM classfier is applied to classfy these shots. Finally, in order to obtain commercial segments
more accurately , a statistical comparison of time and content of commerciasis used to eliminate fal sely cut
shots. Finally, these commercial shots are integrated into commercial video segment. Test results on 30
TV video segments show the effectiveness of the suggested system.

Keywor ds :video commercial detection; shot detection; support vector machine
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Fig.1 The genera diagram of the proposed

commercia detection system
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Fig.2 Sketch map of hard cut shots detection based

on important regions
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Tablel Resultsdf hard cut detection

I % | %
Algorithm[7]  0.10 758 84.51 91.42
RBFID 0.18 800 96.22 97.12
2

Table 2 Results of shot detection of hard cut and dissolve

! % ! %
clip1 2 75 93.90 96. 25
clip 2 5 43 91.84 93.75
1 2 ;
3 4
, 3
93.77% 97.38 %.
3

Table 3 Classification results of commercial shots

! %
without 305 286 93.77
with 305 297 97.38
7

Fg.7 The robust commercia detection prototype system
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