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Resaarch of Agent collaborative filtering model based on user’ s feedback
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Abstract : In order to serve users with more accurate information, the Agent collaborative filtering model —
ACFM based on users feedback and the dynamic Q learning algorithm are put forward, and users inter-
esting model is built. ACFM uses the method of users interesting feedback cong sted of implicit feedback
and interactive feedback to realize collaborative filtering. Experimenta results show that compared with
traditional search engine, ACFM is more effective in predicting users interests, and has more recall s and
precison degree in recommending information when inputting the same inquire words.
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Table 2 Comparison between ACFM and the
common sear ching tool
Search 1 Search 2 Search 3 Search 4 Search 5
Precisonl 0.399 0.451 0.458 0473 0 499
Precison2 0362 0394 0429 0 393 0 452
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