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Image video centered cross-media analysis and reasoning

HUANG Qingming"?, WANG Shuhui’, XU Qiangian®, LI Liang’, JIANG Shugiang’

(1. School of Computer Science and Technology, University of Chinese Academy of Sciences, Beijing 100049, China; 2. Key Lab of
Intelligent Information Processing, Institute of Computing Technology, Chinese Academy of Sciences, Beijing 100190, China)

Abstract: How to surpass the heterogeneity gap and semantic gap between the cross-media content and cross-media
knowledge, and how to manage and utilize the huge amount of cross-media data effectively are urgent bottleneck prob-
lems of developing a new generation of artificial intelligence. Aiming at massive online cross-media content represen-
ted by image video and by referring to human perception and cognition mechanisms, this paper undertakes studies on
such key technologies as unified representation and symbolic representation of cross-media content, deep correlative un-
derstanding of cross-media and human-like cross-media intelligent reasoning. Based on the above technologies, this pa-
per focuses on solving the common problem of knowledge shortage in the development of a new generation of artificial
intelligence and carries out a research on the construction of large-scale cross-media knowledge graph and the human-
machine cooperation based labeling technology, to provide strong support for the advancement from cross-media per-
ception to cognition and further provide feasible solutions towards cross-media content management and popular ser-
vice applications, e.g., cross-media content understanding, retrieval, content transformation and generation, etc.

Keywords: cross-media; image video; unified representation; correlative understanding; explainable reasoning; Human-

computer collaboration; knowledge graph; content management and service
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