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plied Sciences, Tongji University, Shanghai 201804, China)

Abstract: Emotional matching model is a method often used to evaluate the degree of lyrics and melody matching.
However, it cannot be accurately evaluated based on the emotion matching model. In order to improve it, this paper pro-
poses an intelligent evaluation algorithm of lyrics-melody matching based on a sequence model, which comprehens-
ively considers the emotion and the rhythm relationship between lyrics and melody to give an evaluation method for
more accurate evaluation. Firstly, this paper researches and builds music positive and negative samples considering mu-
sic emotion and phrase based on the public lyrics-melody paired dataset and divide songs to music pieces. Further, the
lyrics and melody fragments are encoded by the lyrics-encoder and the melody-encoder, respectively. And take the en-
coded lyrics feature and melody feature that are contextualized as the input of the lyrics-melody matching decoder to
analyze the characteristic relationship between the lyrics and melody, and then determine the matching degree of the lyr-
ics-melody segment. The experimental results show that the music lyrics-melody matching intelligent evaluation al-
gorithm model based on sequence model can more accurately judge the matching degree of lyrics-melody matching than
simple music emotion matching, which verifies the effectiveness of the proposed algorithm.

Keywords: music lyrics-melody; emotion; rhythm; sequence model; lyrics encoder; melody encoder; matching decoder;
lyrics-melody matching degree; music lyrics-melody matching
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Fig.1 Music emotion model
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Table 1 Music emotion classification statistic
el Bl ESillb) 213 Jehil4
A 299 306 345 325

HE—25, A SCHE ARV 24 115 L, 1 IRk
TR I R R SRR A, (AT IR B sS i, VR b
IR . AN TRl 2 A AR ], A
F B ok [ AR R CIEB R ) A9 (Onmy
own) PR IHHE 4 ( Boogie Down) 14 11
.




Motk 5g, S . 56T 7 9B AL A 5 S ) il C FiC B2 BTl 581k © 69

me. what I wantto and all I

B2 BERRGIER

Fig.2 Negative music example

AR B, S AE AT 1R B A ) 52 )
S A& 5 — 5 T 1R T RO — 2, TS BRI
B o {ELSE EAA A A B A R ) R AR B R R 22
TR B XN — 2, A A i 5 A ELE
7 4 1 2% OG ZR IR, AT S5 Ei 3R] R DT AC 46
A UL, TR RRE b ad o i 7y 2 R B R
o PO INAFAE— S8 R, R 78 A A A 1 1
T AR R AR S, AT RE R 8 Y = AR I R
HR G A LU, 25K I H S5 8 5 AR T e ok
JEREY o AP AR T, 2 B SRR v ad
i R B T R R R R, AR AR Y
TR R, A 2B 5 RO 15 4%
12 BERTERAIEE

NP —HEER, WERLEZL,
AR A 2 b, A R A L BE R T
J ELPR AT A B R IO A Al LU AR ]
T AN 72 52 2% ) R RD 5 76 AR W) Y e 7 B ), X i
o s TR L B AT R 8 AR ALE, BI7E 1 22 1 5 an]
PRAF—ESE . A SGE A O L R 5 208 5 1Y
TR AR TR, DTS2 B 23 S il kg e

1T 0] IR AT LR R AR, i A0 R LT
FROREEE, BRI LA RG] Fr B LA BR ) B D i) B R A
/N EHATELT o LL Conmy own ) KR K451, 4n
Pl 3~5 ron ok 3 FELIT 7

& ﬂ# 1 ; o —— | T o e  me—

© C v - - e I -

own. pre - tend - ing he's be - side me”_ A'11 a-
T —,

own. ing - side - he’s tend be - side me.__ All a-

B3 LA S/ ERELF
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