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A review of linked open data in location-based recommendation
system in the tourism domain

YOCHUM Phatpicha, CHANG Liang, GU Tianlong, ZHU Manli
(Guangxi Key Laboratory of Trusted Software, Guilin University of Electronic Technology, Guilin 541004, China)

Abstract: Using linked open data to solve the problem of information overload in location-based recommendation sys-
tem is currently a hot topic. In particular, it has shown a great promising future in the tourism area. First, we make an in-
troduction to the recommendation system, then present linked open data of tourism. We also have a detailed survey of
journal papers that were published from 2014 to 2018 on the recommendation system in the tourism domain based on
location and linked open data, including classification of publications, categorization of recommendation applications,
and research achievements. Further, the applications of six typical types of linked open data in location-based tourism
recommendation system, such as stand-alone point location-based recommendation, travel route recommendation, GPS
trajectory-based recommendation, geo-tagged-media-based recommendation, ontology-based location recommendation,
and location-based friend recommendation, are investigated in detail. A summary of the paper and the future research

directions are made in the end.
Keywords: linked open data; location-based recommendation; tourism route recommendation; trajectory mining; per-

sonalized recommendation; ontology
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