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Music genre recognition research based on enhanced AlexNet

LIU Wanjun, MENG Renjie, QU Haicheng, LIU Lamei
(College of Software, Liaoning Technical University, Huludao 125105, China)

Abstract: To solve the problem that machine learning model has weak ability to identify music genre features, a music
genre recognition model based on deep convolutional neural network (DCNN-MGR) is proposed in this paper. At first,
the model extracts audio information through Fast Fourier Transformation, generating spectrums that can be input to the
DCNN and slicing the generated spectrums. Then AlexNet is enhanced by fusion of Leaky ReLU function, Tanh func-
tion and Softplus classifier. The generated spectrum slices are input into the enhanced AlexNet for multi-batch training
and verification. Music features are extracted and learned, and a network model that can effectively distinguish music
features is obtained. At last, the output model is applied to music genre recognition and test. The experimental results
show that the enhanced AlexNet is superior to AlexNet and other commonly used DCNN in terms of accuracy of music
feature recognition and network convergence effect. The DCNN-MGR model is 4%~20% higher than other machine
learning models in music genre recognition accuracy.

Keywords: music genres recognition; deep convolutional neural network; machine learning; deep learning; AlexNet; au-

dio feature extraction; audio feature extraction
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Table 2 Loss of each network in the training set
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