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A sequence data, cost-sensitive classification algorithm
based on three-way decisions

LIU Mulei, XU Feifei
(School of Computer Science and Technology, Shanghai University of Electric Power, Shanghai 200090, China)

Abstract: Cost-sensitive classification is different from the general classification method, which pays more attention to
the classification accuracy of high-cost categories, but tolerates the accuracy of global classification. Three-way de-
cisions are a solution to a cost-sensitive classification problem and lack support for sequence data. Combined with the
ability of the LSTM model in sequence data processing, a method for classifying sequence data a using three-way de-
cision method (3WD) is proposed. First, a general classification of the original data was done through the LSTM net-
work; second, an overall cost estimate was performed on the classification result of step one; finally, the high-risk result
was delayed or rejected. Methods were tested on four data sets and two sets of comparative experiments were per-
formed. Experimental results showed that the new method distinguished the classification results of the LSTM model
without changing the original structure.
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