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A gait representation method based on weighted CCA for
multi-information fusion
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(1. School of Engineering, Sichuan Normal University, Chengdu 610068, China; 2. College of Automation, Harbin Engineering Uni-

versity, Harbin 150001, China)

Abstract: In this paper, we propose a new gait representation method to address the problem of incomplete gait repres-
entation in current gait recognition technologies. The proposed method is based on gait flow images in which step-width
timing information is encoded into the color space to obtain a three-channel colored class energy image. Multi-channel
information can be fused into a single channel by canonical correlation analysis, whereby redundant feature information
is removed. This process enriches the gait features and enables better recognition. Experimental results show that the
proposed method effectively characterizes the gait features and significantly improves the recognition rate.
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86.0/86.0 36.3/353 54.6/55.4

a B 6
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0.5/0.3
0.5/0.3
0.5/0.3

0.1 0.9
0.3 0.7
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Table 4 Comparisons of generation time of gait character-

istics
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