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Abstract: Blind musicians are confronted with the problems of manual conversion and low efficiency in the communic-
ation of musical works. The rapid development of information science and technology has provided many solutions to
these problems. However, most of the recognition schemes for braille music works lack recognition efficiency and com-
patibility. In consideration of this deficiency, whereby traditional schemes rely heavily on artificial experience in braille
music picture extraction, a convolution neural network-based recognition model has been developed. After prepro-
cessing the sample data of braille music pictures through repeated iterative training, the recognition model was able
learn the characteristics of music notation in braille music pictures. The experimental results showed the recognition ef-
fectiveness and strong generalization ability of the model, which provides a new idea for the recognition of braille mu-
sic works.
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Fig.1 Braille music image before tilt correction process
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Fig.3 Sample images in the training set
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Fig. 4 Convolution operation diagram
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Fig. 5 The feature map after C; convolution
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Fig. 7 The feature map after S, pooling
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Fig. 8 The feature map after C; convolution operation
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Fig. 10 The feature map after S, pool
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Fig. 11 The feature map after Cs convolution
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1) random(w);

2) random(b);

3) for i=1 in EPOCH :

4) x = BATCH_SIZE;

5) y_true = batch_y; x "1 &k I6 F R 1Y 1F B
i y_true;
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6) y = batch_xxw+b; 2T LAY T 118 5
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AR R

8) if Error>TRAIN_ERROR

9) update (w); update (b)

Continue step 3;

10) else
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12) end

13) end
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15) end
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4) AR R R B text_x 556 R B bR AE
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Fig. 13 The relationship between the correct rate and the
number of iterations
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