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A tourist group recommendation method combining collaborative filtering
and user preferences

CHEN Juntong, GU Tianlong, CHANG Liang, BIN Chenzhong, LIANG Cong
(Guangxi Key Laboratory of Trusted Software, Guilin University of Electronic Technology, Guilin 541004, China)

Abstract: In recent years, the group recommendation system has gained much attention in the field of tourism recom-
mendation. The problem of data sparsity faced by the traditional recommendation system also exists in the group recom-
mendation system. In the scoring-based recommendation system, the group recommendation system can be divided into
two stages: preference prediction for individual users and aggregation of the forecast results of group members. To im-
prove the effect of recommendation, a tourist group recommendation approach is proposed that incorporates collaborat-
ive filtering and users’ preferences. It considers the accuracy of user’s predictive scores and the group recommendation
result. In the collaborative filtering, the predictive score is calculated by adding the similarity impact factor and the rel-
evancy factor. Based on the average strategy and the least misery strategy, a satisfaction balance strategy is proposed,
which considers both of the partial satisfaction and whole satisfaction of the group members. A series of conducted ex-
periments show that the proposed method yields more accurate recommendations.

Keywords: group recommendation; tourism recommendation; data sparsity; collaborative filtering; user’s preference;

average strategy; least misery strategy
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