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Attribute reduction algorithm of the incomplete neighborhood
decision system with variable precision
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(1. School of Computer and Information Engineering, Jiangxi Agricultural University, Nanchang 330045, China; 2. School of
Software, Jiangxi Agricultural University, Nanchang 330045, China)

Abstract : Neighborhood rough set model has been widely used in numerical data processing complete, but the
discussion of attribute reduction for numeric and symbolic mixed incomplete data is relatively small. Therefore, to
resolve this problem, by combining the neighborhood rough set, first, the upper and lower approximation operators
and the attribute reduction of the incomplete neighborhood decision system were analyzed based on the variable
precision model. Subsequently, based on the generalized neighborhood relation, a rough set model was constructed
using the neighborhood granulation method. Furthermore, a method evaluating the attribute significance degree was
proposed. Based on this method, an attribute reduction algorithm for the incomplete neighborhood decision system
was designed, which can deal with incomplete values directly type and symbolic mixed data. Finally, through the
example analysis, the algorithm can solve the attribute reduction result of incomplete neighborhood decision system
with variable precision.
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Table 2 Incomplete neighborhood decision system ( 2)

U c, c, c, c, D
X, 0.3 0.3 0.75 T poor
X, 0.5 0.2 0.8 T poor
%, 1 * 0.5 T good
X, 0.9 0.8 0.4 T good
Xs - 0.6 0.45 F good
X 0.3 0.4 * F poor
X5 0 0.4 0.95 F poor
X 0.2 * 0.8 F good
X 0.25 0.75 0.6 F good
Xy 0.2 0.6 * ® poor
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