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Research on the recommendation method of personalized information

JIANG Xinjing, QI Xiaogang, LIU Lifang

(School of mathematics and statistics, Xi dian University, Xi’an 710071, China)

Abstract: It’s an excessively informational and more fragmented era that is contributed to the development of informa-
tion technology and the Internet. At present, personalized recommendation is a relatively effective way to help users
gain various network information. Recommendations may not be ideal as the traditional algorithms rarely focus on the
fast speed of information updating and change of users interests. We propose a combined recommendation algorithm by
introducing an interception factor and calls it the CR algorithm. The core idea of it is to introduce the interception factor
to the content-based recommendation algorithm and user-based collaborative filtering algorithm. The mixed recom-
mendation consists of the content-based recommendation algorithm and user-based collaborative filtering algorithm. Re-
commending results of CR algorithm are divided into the outcomes produced by mixed recommendation algorithm and
the user-based collaborative filtering algorithm. It is the publishing time of information that decides which algorithm
should be chosen to produce recommendations: the mixed recommendation algorithm is selected when the difference
between browsing time and message publishing time does not exceed some threshold, or directly chooses the user-based
collaborative filtering. Simulation results based on real data show the algorithm we proposed is superior to other exist-
ing algorithms.

Keywords: network information; interception factor; information push; content-based recommendation; behavior-based
similarity collaborative filtering; content-based similarity collaborative filtering; mixed recommendation; combined re-

commendation
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15) WC,i=Wyij
16) else

1
17) ui:_1+a/|t,-—t,-,1|
18) WC,j = * WCy; + Wy
19) end if
20) end for

WY UCF,, UCF,.
13 BEREXH
FH T FH P AR 000 0 48R T AN SR K A, 2 R B
ZEAT RIS T AR T AR Ak, BT AERE(S B 5]
FADIZAALALTE P B 24080, % 645 H P
MM TERSHR . 5 I8 EIE B IRRIRTE , A SO H [a] i
AT AR N AR S T F P A DR R 8
Yok HARH P AU P RIS 48
1.3.1 RAAAMME eI E
B 5 BRI, 5 B U a] it gy %
JE: A7 A A simAct (u, v) F1 P 25 AH (L simCon (u, v) 1Y
A
AR EEFAFE,, H P ull a0 248
UCF,s = (WCyi1, WCy2,*** , WCysjy *** WCyy) H F'V E’:J f%ﬁ
Bt S UCE, = (wey,wep, -+ wey) o W Fu5 H
Frv AT AR RN S AR TR AT
simAct(u,v) = [Fy, N F| [ VIF | X|F.| 3)
simCon (u,v) = (CUF,, - CUF} ) / /[CUF, | |CUF,| (4)
AR (3) F1(4), IR S AU AT
sim (u,v) = B x simAct(u,v) + (1 —B) x simCon (1,v) (5)
K REBel0,1], Wt LR E . AT u M
v AR RN GE T 2,
52
MW F,.F, UCF, fll UCF, £% p;

1) numSimNews = 0, innerPro = 0, norm, = 0,
norm, =0

2) foreach f,, e F, do
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8) end for
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B recall B recall
0.0 0.607 0.5 0.778
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0.4 0.776 0.9 0.807

I8 I SE K PE s, 248 = 0.9, recall F i,
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