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Deep learning in driverless vehicles

WANG Kejun, ZHAO Yandong, XING Xianglei
(School of Automation, Harbin Engineering University, Harbin 150001, China)

Abstract: In this paper, we first define the unmanned vehicle and analyze the current technology and key problems of

driverless vehicles.Then, we discuss the principles and architectural design of driverless cars and identify their key prob-

lems. Lastly, we describe the development of deep learning with respect to image processing, discuss the application of

deep learning to driverless vehicles, and consider the future of driverless vehicles.
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Fig.3 NuTonomy driverless car
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