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Abstract; In view of the baseline drift, power line interference and muscle noise of electrocardiogram (ECG) sig-
nals, the wavelet entropy denoising algorithm of ECG signals based on correlation was proposed. First, ECG signals
were decomposed using wavelets to determine the number of scale of wavelet decomposition, and the lowest approxi-
mation coefficients were each set to zero, so as to remove the baseline drift. Then, the high-frequency wavelet coef-
ficient of adjacent scales was processed by adaptively calculating the global threshold with the correlation coeffi-
cients between the adjacent scales, to remove the power line interference and the muscle noise. Last, the denoising
signals were reconstructed using zero approximation coefficients and processed wavelet coefficients. Using this meth-
od, three kinds of noise were removed in one process of wavelet decomposition and reconstruction. Experiments u-
sing the MIT-BIH database and simulative data prove that the algorithm is much better than others in ECG denoising
with low complexity.
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