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Abstract Artificial intelligence is a new science of researching and developing theories, methods and technologies
to simulate and extend the human intelligence, and is regarded as a simulation of human consciousness and thought
processes. Granular computing is a novel concept and a new computing paradigm in the current area of intelligent
information processing. It is also a multi-granulation methodology of relevant theories, technologies and tools, which
are used to research multi-level thought modes, to solve complex problems and to develop information processing
models. First, the related granular computing models or methods, by which artificial intelligence simulates human
intelligence,, were analyzed in this paper. Also, several classical basic structures and mathematical models on gran-
ular computing were briefly summarized. Then, both multi-granulation representations and uncertainty measure-
ments on knowledge were reviewed. Finally, the future opportunities and challenges of solving models using granular
computing in the era of big data were discussed and prospected.
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2017 2nd Conference on Swarm Intelligence
and Evolutionary Computation ( CSIEC)

Optimization is at the heart of many real world problems in various fields ranging from scientific research to industry
and commerce. To tackle complex real world problems, experts have been looking into natural processes and creatures for
years. Over the last years, nature-inspired search techniques and optimization algorithms have been became the subject of
many researches and currently are used in various field of science, ranging from scientific research to industry and com-
merce. The two main families of algorithms that primarily constitute this field today are the evolutionary computing methods
and the swarm intelligence algorithms. Many heuristic algorithms in each group are invented where each one has its own
distinguishing features. Furthermore, encountering various problems, algorithms are enhanced by offering different strate-
gies including inventing different variants, producing specialized operators, co-evolution, hybridization, dynamic control-
ling, and so on. 2nd Conference on Swarm Intelligence and Evolutionary Computation ( CSIEC2017) is an opportunity for
researchers to share their contemporary knowledge in the field of nature-inspired intelligent computation based on the prin-
ciples of swarm and evolutionary algorithms. The conference welcomes significant contributions in both English and Farsi
languages.

Topics of interest include but are not limited to.
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