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Multigranulation covering rough sets

based on the union of minimal descriptions of elements

LIU Caihui, CAI Kecan

( Department of Mathematics & Computer Science, Gannan Normal University, Ganzhou 341000, China)

Abstract; To generalize multigranulation rough sets to a covering-based approximation space, this paper proposes

three kinds of covering-based multigranulation rough sets by employing the conditional probability between the target

concept and the union of the minimal descriptions of elements. Based on new definitions, some basic properties of

these models were investigated and their relationships with some existing covering-based multigranulation rough sets

are revealed. The inter-relationship among the three new models is also explored. The discussions show that the pro-

posed models are a special form of text model, as well as extensions of some existing covering-based multigranula-

tion rough sets.
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International Workshop on Brain and Artificial Intelligence ( BAI 2016)

Creating human-level intelligent system is the long-standing mission for the field of Artificial Intelligence ( Al) since

its establishment nearly 60 years ago. Until now, however, there is still no general purpose intelligent system which can

reach the human intelligence level in terms of coordinating various cognitive behaviors, adaptability of complex environ-

ments, and autonomous learning under new environments. With the advancement of Brain Science, Neuroscience, and

Cognitive Science, it is now possible for partially observing and obtaining data on the activities of brain neural networks at

multiple scales while they are conducting various cognitive tasks. Hence, understandings of the brain at multiple scales

will bring inspirations to future Artificial Intelligence research and applications. This workshop aims at bringing researchers

and practitioners from Brain Science, Cognitive Science, Artificial Intelligence, etc. to discuss how they can collaborate

and inspire each other to advance Brain-inspired Artificial Intelligence. The workshop will be co-located with the 2016 In-

ternational Conference on Brain Informatics & Health, October 13th, 2016 in Omaha, Nebraska, USA.

Website ; hitp ; //bii.ia.ac.cn/bai-2016/



