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Postprocessing method of MFCC in speech feature extraction
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Abstract; To improve the robustness of automatic speech recognition systems, a new speech feature postprocessing
method based on the Mel-frequency Cepstral Coefficient (MFCC) is proposed, which is named the MVDA postpro-
cessing method. The postprocessed feature parameters are named MVDAs. This technique combines mean subtrac-
tion, variance normalization, time sequence fltering, and autoregressive moving average flters. Experiments were
conducted to compare MVDA and MFCC. Changes in the Euclidean distance of the speech with noise and the
speech signal were analyzed, proving that every step of MVDA postprocessing could effectively reduce the noise in-
terference. Thus, all MVDAs in different noise environments were superior. This simple feature does not only a-
chieve the effect of many complex speech feature processing methods but also effectively reduces the computational
complexity of automatic speech recognition systems.
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Fig.2 The MVDA postprocessing output of voice features C[ 1] with noise of 20 dB
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Fig.3 The MVDA postprocessing output of voice features C[ 1] with noise of 10 dB
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