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RGB and HSI color spaces
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Abstract : It is critical to exactly extract moving targets in intelligent video surveillance. There are many moving tar-
get detection algorithms, but for all the effects of shadow elimination are not ideal. In order to remove the shadow,
an improved shadow removal algorithm based on RGB and HSI color spaces is presented. The analysis of the pixels
in videoes shows that the hue is approximately consistent before and after the pixels are shaded, and there exists a
linear relation between this approximate consistency and the value of luminance. On this basis, by utilizing the pro-
portion of each color component in the color spaces and the relative change rates of brightness, the shadow of a
moving object can be removed. The experimental results show that the shadow removal effect of this algorithm is bet-
ter than that of the algorithm with (r, g, I) color space. In addition, it can also cope with holes in moving targets
and is a supplement to the moving object detection algorithm.

Keywords : target detection; shadow removal; color space; hole phenomenon; video analysis
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Fig.2  Comparison of shadow removal results between
(r,g,I) algorithm and (r,g,Al) algorithm indoor
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Fig.3 Comparison of shadow removal results between
(r,g,I) algorithm and (r,g,Al) algorithm outdoor
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