5510 #5452 1) B OB R & T Mk Vol.10 No.2
201544 A CAAI Transactions on Intelligent Systems Apr. 2015

DOI:10.3969/].issn.1673-4785.201406017
) 28 H Rt 3IE - hitp :// www. cnki.net/kems/ detail /23.1538.TP.20150302.1106.007. html

ME L TXEENHESNBEFERSE

1,2 T 1 -2 > 2
FE LR R IR
(LLFBF L RF EEFE ITH HN 221008; 2. EHLFE HENTRFRE LH & EH 222005)

# E. LRSS BT AR R G M B BORIR R R G Al A X e Bk —2F
PR R GE NG RN P i R, O T 4R P R E R G R B — R A LR SO B S A
BB PEGHESE R G CS. 1B W R HIBEDLIE SR ) 43 S5 i B9 FH P = R A PE A SRR HEAT BT SUR B AL 3 A5 A
AARRL LT SCE BT — 2l . B R R P R = s T P P % AT A TR T, o T 3 543 4%
5 E TE%IE FF SCE BT R T — Rl Bl A K2 4% 56 22 (038 9 AR 10 o FH] — P 5L T3 4T BE A4 2 SR 20 A4
K RBOk A B P AR . FE BLSE A SCIR G 45 LT IRIE, R CS RAEMEF R A G HEF LT SO T4t
S R A e MR R L AN HEEETERE B TR R s,

B3 3 P ol N P (o S N 3 A L 2 N PR = W e i [ B

FE5ES TP391 XEkFRER A XEHS :1673-4785(2015) 02-0293-08

mX5| AR, BN, PR, % AL TXEENHESNERERSE[I]. TERLEFR, 2015, 10(2) : 293-300.
# 5| A1&3X ;LI Hui, MA Xiaoping, HU Yun, et al. Social network recommendaton system mixing contex information[ J]. CAAI
Transactions on Intelligent Systems, 2015, 10(2) : 293-300.

Social network recommendaton system mixing contex information

LI Hui'**, MA Xiaoping', HU Yun®, SHI Jun®
(1. School of Information & Electrical Engineering, China University of Mining & Technology, Xuzhou 221008, China; 2. Department
of Computer Science, Huaihai Institute of Technology, Lianyungang 222005, China)

Abstract ; Contexts and social network information is valuable information for building an accurate recommender sys-
tem. The merging of such information could further improve accuracy of the system and user satisfaction. This paper
proposes the context and social (CS) network, which is novel context-aware recommender system incorporating e-
laborately processed social network information, in order to increase the user satisfaction on the recommendation
system. The contextual information happens by applying random decision trees to partition the original user-item-rat-
ing matrix such that the ratings with similar contexts are together. The matrix factorization functionality is to predict
missing preference of a user for an item using the partitioned matrix. An enhanced recommendation model aided by
social relationships considering the context information is proposed. A trust-based Pearson Correlation Coefficient is
proposed to measure user similarity. Real datasets based experiments showed that CS enhances its performance com-
pared with traditional recommendation algorithms based on context and social networks.

Keywords : context; information; social network ; matrix factorization; recommendation; collaborative filtering
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