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Uncertain measure for schema matching

based on the aggregation of uncertain factors

HU Wenbin, PAN Zhushan, JI Zhaohui
(School of Computer Engineering, Huaihai Institute of Technology, Lianyungang 222005, China)

Abstract ; To measure efficiently uncertainty of schema matching, a measure model based on all uncertain factors

was proposed and an aggregation operator was given according to the relations of uncertain factors. A measure meth-

od of semantic matching and attribute matching based on all known entropy uncertain ratio was designed. A measure

algorithm of process uncertainty was introduced to measure uncertainty of a decision making process. The aggrega-

tion operator based on relationships between uncertain factors was proposed to determine influence degree of uncer-

tain factors and merge all measure values in the measure process. The real world examples illustrate that the pro-

posed model and methods can completely reflect three factors of uncertainty and can measure efficiently uncertainty

for schema matching. The proposed methods are efficient and scalable.

Keywords : schema definition; schema analysis; schema matching;uncertainty analysis; measured data uncertain-

ty ; measurement method ; decision analysis; entropy; aggregation estimation method
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Fig.1 Uncertainty measure model for schema matching
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Table 1 Experimental data
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2 2006au 17
3 2007au 7
4 2008sp 9
5 2009sp 7
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Table 2 Experiment parameters of uncertainty measure-

ment for semantic matching
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2 5 52 6 10,1,2) 1 1{0,1,2}

TE:10,1,20 002, 1— A  2— A E
*3 BUHELEAHEEEENIRSH
Table 3 Experiment parameters of uncertainty measure-

ment for attribute matching
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ATM 2 16 5 301
KRM 2 2 5 5
DIM 2 300 5 3501
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Table 4 Uncertainty ratio of schema matching from two
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