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Abstract ; The selection of an efficient gene feature is a key procedure for analysis of gene expression data. The
rough set theory is an efficient classification tool to deal with uncertain, inconsistent and inaccurate gene data. One
limitation of the rough set theory is the lack of effective methods for processing real valued data. However, gene ex-
pression data sets are always continuous. Discrete methods can result in information loss. This paper investigates an
approach to the selection of gene feature on the basis of the neighborhood rough set theory. Starting from all the fea-
tures, this approach gradually removes the redundant features, and finally gets the key features of the group classifi-
cation study based on the importance degree of characteristics. To evaluate the performance of the proposed ap-
proach, we applied it to two bench mark gene expression data sets which were compared to certain aspects of the
feature selections. The experimental results illustrate that our algorithm is more effective for selecting high discrimi-
native genes in cancer classification tasks.
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