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Abstract: As a new swarm intelligence optimization algorithm, the artificial bee colony (ABC) algorithm has re-
ceived wide attention in academic circles since its inception. Currently, the ABC algorithm is being used successful-
ly in several real-world fields. Firstly, this article introduces the biological background and principles of the ABC
algorithm. On the basis of analyzing the drawbacks of the basic ABC algorithm, we summarized the current studies
on improvements of the basic ABC algorithm with regards to three aspects; parameter adjustment, hybrid algo-
rithms, and design of new learning strategies. In view of the realistic complex environment, this article introduces
the research progress on constrained optimization and multi-objective optimization using the ABC algorithm. Finally,
the applications of the ABC algorithm are described and several further research directions are proposed.
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