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A classification-based approach for best view selection of 3D models

LI Chenxi, SUN Zhengxing, SONG Mofei, ZHANG Feigian
(State Key Lab for Novel Software Technology, Nanjing University, Nanjing 210093, China)

Abstract ; For automatic generation of the visualization and thumbnails of the 3D model set, an approach for best

view selection of the 3D models is proposed, and this approach formulates the best view selection as a problem of e-

valuating views’ classification performance. Initially each of the 3D models’ view features is extracted, then for each

view, we train the classifier that evaluates the view’s classification performance on a pre-classified set of 3D models.

The view with the best classification performance is chosen as the best option. Finally, the selected views in the ex-

periments are in accordance with the visual characteristics of humans, and the 3D models of the same class have the

consistent best views. The results demonstrate the effectiveness of the approach for the best view selection.

Keywords:3D model; visualization; best view selection; view ranking; classification; classification-based ap-

proach
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Fig.1 The flow chart of our method
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The Twenty-Eighth AAAI Conference on Artificial Intelligence ( AAAI-14)

The Twenty-Eighth AAAI Conference on Artificial Intelligence ( AAAI-14) will be held July 27—31, 2014 in
Québec City, Québec, Canada. The purpose of this conference is to promote research in artificial intelligence (Al)
and scientific exchange among Al researchers, practitioners, scientists, and engineers in affiliated disciplines.
AAAI-14 will have a diverse technical track, student abstracts, poster sessions, invited speakers, tutorials, work-
shops, and exhibit/competition programs, all selected according to the highest reviewing standards. AAAI-14 wel-
comes submissions on mainstream Al topics as well as novel crosscutting work in related areas.

Québec City, a UNESCO World Heritage Treasure, is North America’s most European city, filled with museums
and other historic attractions. Québec’s beautiful Old Town ( Vieux-Québec) is the only North American fortified
city north of Mexico whose walls still exist. The convention center and conference hotel are only steps away from the
historic section of Québec. AAAI will be preceded by the CogSci2014 Conference, July 23—26, and plans are un-
derway for coordination of events that would be of mutual interest to conference participants.

Website ; http://www.aaai.org/Conferences/AAAl/aaail4.php



