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Analysis of attention model based on Internet

QIU Jianping

(Institute of Computer Science and Technology, Taiyuan University of Science and Technology, Taiyuan 030024, China)

Abstract ; With rapid development of Internet-based social media and their applications, Internet users’ attention
has more and more important significance to a fictitious economy. In this paper, users are regarded as content con-
veyed in Internet while information resources are regarded as targets. Along this line, Internet is regarded as a net
that distributes people’ s attention stream among information resources. By collecting and analyzing the behavior da-
ta of Internet users, this paper demonstrates a flow network of transporting attention and gives a dynamic model de-
seribing Internet users’ attention. The experimental results show that, Web2.0 attracts more attention than the
Web1.0 Website. The results of this paper also demonstrate that growth of attention to the website is slower than
growth of traffic, and thereby creating a " diseconomies of scale" phenomenon. We were able to demonstrate that ad
network and vertical niche attract more attention than search engine and affiliate network.
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Fig.2 Network of transporting attention
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Upstream Sites
Which sites died users visit immediately preding youtube.com?

% of Unique Visits Upstream Site
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1.08% | google.co.uk
0.96% twitter.com
0.85% google.de
0.85% t.co
B4 MHEXEE
Fig.4 Related data
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