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The approximation accuracies of polynomial smoothing functions
for support vector regression

FENG Nengshan, XIONG Jinzhi
( Computer College, Dongguan University of Technology, Dongguan 523808, China)

Abstract:In order to solve the problem of polynomial smoothing function’ s approximation accuracies for support
vector regression, the researcher proposes to solve the problem utilizing a five step approach, according to the com-
plexity of smooth functions. The first step, examines the problem of the approximation accuracy in the polynomial
smoothing function represented by solving the maximum value of an approximation function; second, the function
was verified to be a symmetric function; third, the maximum values of the approximation function were derived re-
spectively at the intervals [0,&] and (&, + o) ; fourth, the two maximum values were compared, and finally the
approximation accuracy was obtained. Through the calculation with examples, the correctness and effectiveness of
the method was validated, and the approximation accuracy problem of the infinite polynomial smoothing functions
was systematically solved in this paper, which offers basic theoretical support for smooth support vector regression.
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Table 1 The approximation accuracies of polynomial
smoothing functions
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